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* Developed a new MLIP using MTPs for
simulating the pyrolysis of polysiloxanes

amorphous models and reaction simulations require much
larger representations (>>10,000 atoms).

TR

Hypothesis: Novel Machine Learning Interatomic

Potentials (MLIPs) with DFT-level accuracy can handle CrOSS-Llnklng Stlldy

* The MLIP demonstrates DFT-level accuracy at a

simulations with model sizes comprising millions of atoms. * Degree of cross-linking: T/D (/-4 fraction of the computational cost
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